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ABSTRACT

This study aimed to see the effect of multi-meeting, multitasking, and
meeting fatigue on productivity. The context of this study is during the
COVID-19 pandemic, where phenomena related to multi-meeting,
multitasking, and meeting fatigue were entirely natural. The literature
used is related to multi-meeting, multitasking, and meeting fatigue, as
well as productivity. We elaborate on several pieces of literature before
the pandemic, and this study emerges from the results of studies during
the pandemic. This research method refers to a quantitative approach,
which aim to explore whether there is a relationship between variable;
we conduct analysis using PLS-SEM, and thorough this approach,
researcher conducts a reliability test by looking at CR and AVE, a
validity test by looking at discriminant validity, and finally, conducting
a path analysis by looking at the results of P-Values. This study indicates
that meeting fatigue does not negatively affect productivity; multitasking
has a positive effect on productivity, meeting fatigue can affect
productivity when there are multi meetings as moderators, and
multitasking affects productivity when there are multi meetings as
moderators.
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1. Introduction

The worldwide COVID-19 epidemic that
began in early 2020 sparked numerous
researches, particularly on behavior. The
employees were directly affected by the
changes, especially the problem of how to
work, known as the Flexible Working
Arrangement, since it was done not at the
workspace (office), but rather at home
(Stefanie et al., 2020; Driyantini, 2020).
Govender et al., (2018) discovered a strong
connection between individual performance
and flexible working options in their
research.

According to Herjanto (2007), productivity
measures how effectively resources are
handled and used to produce optimum
outcomes. During the COVID-19 pandem-
ic, Mustajab et al. (2020) found that
workers were less productive since they
worked from home. Thus, the circumstance
affects production.

Working in the pandemic age necessitates
changes for both employers and workers,
and businesses are increasingly allowing
employees to work from home (WFH)
(DeFilippis et al., 2020). During the
pandemic, unexpected changes forced busi-
nesses to establish rules regarding working
from home, which impacted organizational
coordination procedures, decision-making
processes, and productivity. Working re-
motely in a pandemic requires technology,
such as virtual meetings (Cao et al., 2021).

Working remotely from the office using
technology requires more digital multitask-
ing or the capacity to accomplish several
things using digital media. Due to work
pressures, individuals use digital devices
(e.g., laptops, phones, tablets) and apps
(e.g., email, browser, documents) during a
pandemic, which has significant health
concerns.

Focusing attention is complex, particularly
during meetings, according to Petrova et al.
(2019). Work routines affect meeting
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participants and are constantly conducted
(multi meetings), even while other work is
done (multitasking). According to prior
research, current information technology
platforms allow and induce multitasking.
Multitasking behavior is characterized by
the urge to launch several apps on a digital
device, switch between tasks, and interrupt
work.

According to Nelson in Luong and
Rogelberg (2005), meetings are essential
for organizational life. When a business
adopts a virtual meeting policy, it is to help
workers coordinate their work. However,
Mosvick and Nelson (1987) point out that
meeting activities have costs, notably the
frequency and duration of meeting time,
which has risen in recent decades. In a
famous Mintzberg (1973) study, managers
spent 69% of their time in meetings. In their
famous research, Mosvick and Nelson
(1987) found a threefold increase in
meeting activity compared to the 1960s. A
study of 1,900 company executives by
Tobia and Becker (1990) showed that
approximately 72% of business leaders
spent more time meeting. However, with
the advancement of technology and internet
participation, meeting or meeting activities
have grown more efficient and user-
friendly. According to Parthasarathi et al.
(2016), virtual meetings mean saving time
and resources and reaching meeting
participants wherever they are situated.

In this research, multi-meeting considers as
a threat to productivity. Luong et al. (2005)
observed an increase in meeting frequency
and duration, affecting both workers and
employers. Although meetings may assist
in accomplishing productivity objectives,
having too many meetings and spending too
much time in meetings per day might cause
weariness. It affects productivity. Multi-
tasking, within many meetings, and meeting
fatigue's as it suspected impact the produc-
tivity. The researchers then studied multi-
meeting burdens, including multitasking
and everyday well-being variables, includ-
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ing tiredness and workload perceptions. On
the other hand, on other side of the world, if
we look at academic setting Morris (2020)
found, when students lose concentration
while listening to a teacher describe a topic,
they become "Zoom fatigued" and
"Zombies." However, there has been little
study on meeting fatigue and multi-meeting
behavior in people and groups: organiza-
tion, weariness (fatigue) that develops,
which ultimately affects productivity.

Based on the preceding explanation, the
study questions are: 1) Does meeting
weariness impact productivity? 2) Does
multitasking affect productivity? To inves-
tigate the effects of meeting fatigue, multi-
tasking, and multi-meeting on productivity
and the function of multi-meeting as a
moderator between meeting fatigue and
multitasking.

2. Literature Review

The researcher uses literature to help build
hypotheses and research models to discuss
the phenomena in the background section.
The following presentation will be related
to the research objectives. Within the
company, meetings are part of everyone's
routine activities at work and become a
necessity for everyone who needs to
coordinate with others to complete work,
discuss a topic, and become a medium for
making decisions and policymaking in an
organization.

To the situation in the world, namely the
COVID-19 pandemic, everyone urges to do
different ways of working, including meet-
ings, the purpose of which is to minimize
the transmission of COVID-19. The
different way is where meetings before the
pandemic can conduct face-to-face
meetings. How-ever, things change during
the pandemic. Almost every activity must
turn in a virtual way, either through video
calls or often called conference calls,
namely video conference meetings using
applications such as Zoom, Google Meet,
Microsoft Teams, and many others.
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In general, many life changes have occurred
because of the pandemic (Baker and
Murphy, 2021). The changes felt by people
who work are the reduced physical presence
for meetings and the use of computers as
media in meetings, which presents many
opportunities for multitasking.

On the other hand, conducting a meeting
process that takes too long using technolog-
ical devices, especially video conferencing
applications, can cause fatigue. In this
study, it is called fatigue. Other research
also shows that meeting fatigue is based on
a thematic analysis of qualitative responses,
where quantitative data is collected hourly
for five working days from 55 employees
who work remotely due to the COVID-19
pandemic. Video conferences beyond the
limits of what one can tolerate will cause
fatigue (Bennett and Bennett, 2021). The
study of Bennet et al. confirms the study of
Hulsheger (2016) that ordinary people will
experience fatigue. However, each morning
it will decrease, reach the limit around noon
and then increase until bedtime. In addition,
daily sleep quality explains variations in the
trajectory of individual fatigue changes.
When sleep quality is low, the next day's
fatigue decreases between morning and
noon and increases until bedtime. When
sleep quality is high, fatigue remains stable
until midday and increases between work
hours and bedtime.

Apart from meetings, multitasking can
occur while working, mainly impacting
productivity per person; special considera-
tion for multitasking during meetings can
also impact other colleagues and their
productivity at work (Cao et al., 2021).
Inappropriate activities (such as checking
personal email or doing unrelated work)
call as distracting and detracting from the
purpose of the meeting. These unrelated
activities can give the illusion of personal
productivity to meeting participants.

The phenomenon that occurs during virtual
meetings, using technology applications, is
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vulnerable to problems, namely the possi-
bility of affecting productivity. Multitask-
ing is a critical behavior because it is closely
related to productivity, fatigue, employee
well-being, attention and focus, and
prospective memory. Multitasking during
meetings can also affect other people and
their productivity (Cao et al., 2021). Cutrell
et al. (2000) and Monk et al. (2002) stated
that multitasking could increase producti-
vity. Apart from the fact that meetings and
related matters can help achieve work-
related goals (productivity), holding too
many meetings and spending too much time
in meetings per day can harm individuals,
especially fatigue (fatigue), which also
affects productivity.

H1: Meeting fatigue negatively affects pro-
ductivity

H2: Multitasking positively affects produc-
tivity

During meetings, participants experienced a
lack of concentration, which according to
Niemantsverdriet et al. (2017), was caused
by participants performing other tasks or
activities known as multitasking and moti-
vates researchers to investigate what causes
multitasking. Cao et al. (2021) confirm the
findings of Niemantsverdriet et al. (2017).
Multitasking reduces the capacity to
execute the duties provided ideally. The
human brain is limited in handling informa-
tion relevant to cognitive skills concurrent-
ly. Researchers opposing multitasking
claim the human brain can only focus on
one thing at a time (Robinson and
Stubberud, 2012).

Another research by Cameron et al. (2018)
discovered that participants use several
digital devices simultaneously during meet-
ings. The rise in meeting activities utilizing
technology is widespread. Thus, it is
common for participants to perform other
things during a meeting.

Toney et al. (2021) used the term Zoom
fatigue, which is related to meeting fatigue,
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to describe the state of individuals who
spend much time in front of a computer
screen. Morris (2020) used the zoom fatigue
phenomena to depict the scenario that
happened at the start of the COVID-19
epidemic among educators in one of the
world's major newspapers. The tiredness
phenomenon is well accepted, mainly when
numerous tasks perform in front of a
computer over a lengthy period.

As a result of not paying attention to
meeting activities, not being able to react
immediately, and being confused to digest
all information generated from concurrent
meeting activities, according to Marchewka
et al. (2020), multitasking adds 15% to
work time. Furthermore, Hall, Leung, and
Li (2015) discovered that multitasking may
negatively impact people since it decreases
individual originality and that multitasking
under time constraints can negatively
impact performance and productivity.

Multitasking as circumstances in which
people focus on several activities at once.
The issue is that executive variables, partic-
ularly obstacles, working memory, and
cognitive flexibility, affect each individu-
al's multitasking capacity. Interestingly,
multitasking is sometimes inevitable due to
the need to start or continue a task while
other activities are in process or are due.
Multitasking is also regarded as a technique
to tackle the pressures that come with multi-
meeting. (Adler and Benbunan-Fich, 2011)

There are some studies explore the effects
of multitasking on performance (Peifer and
Zipp, 2019). They discovered a direct
impact of multitasking on performance.
More study is needed to determine if
multitasking happens when conducting
several meetings simultaneously and
whether the results are good or bad.

H3: Meeting fatigue affects productivity
with the multi meeting as moderator

H4: Multitasking affects productivity with
the multi meeting as moderator
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Figure 1. Research Model

3. Research Method

This study gathers data using a survey
technique to collect quantitative and
qualitative data from different research
topics utilizing survey instruments such as
questionnaires and interviews (if needed).
A cross-sectional survey is characterized
and gives essential information to study
populations since the time horizon chosen is
cross-sectional (Fink, 2014).

This study's environment is also natural.
This study's unit of analysis is workers who
frequently participate in online multi-meet-
ings. Finally, it is cross-sectional from the
temporal horizon due to the researcher's
limited time. To learn more about what
occurred in this study, researchers polled
office  workers at different levels.
Marchewka et al. (2020) use this approach
to offer an in-depth examination of a
subject. For descriptive research, a sample
of at least 100, while for correlational
studies, a sample of at least 50 is suitable to
establish a relationship, and for experiment-
tal and casual comparative studies
(Fraenkel et al., 2012).

Work from home (WFH) and work from
office (WFO) questionnaires were gathered
through google form and sent to different
companies and sectors. The pre-question-
naire was sent to 40 respondents with four
open-ended questions to investigate the
connection between variables (elicitation
stage), then the items or indicators utilized.
Following the pre-questionnaire, two

Human Resource professionals as consul-
tants to verify the items were suitable.

After the items are approved, the following
stage tests their validity with people similar
to the people being assessed or studied. The
elicitation technique pre-questionnaires
spread to about 50 respondents from
different employment, residence, and other
backgrounds. Finally, we turned the pre-
questionnaire into a follow-up survey, we
expect it could go back as we calculate
sampling adequacy. In general, the sample
size should be five times the number of
variables investigated (Hair et al., 2014).
According to the guideline above, the
sample size for this research is at least 5 x
27 = 135 respondents, based on the findings
of elicitation and expert validation phases.
Respondents are in general open by gender,
age, years of service, education, or position.
We follow Hair et al. (2014) but within one
week, we received 370 responses. Although
the problems mentioned are deemed
relevant to the present situation, researchers
need to conduct studies linked to measuring
items—the collected measurement items to
measure variable relationships.

There is a need to measure representative
measuring items before data collection. So,
in this study, data collecting took place in
two phases. This step is thorough via the
distribution of open-ended question ques-
tionnaires; then, the second stage distributes
questionnaires from elicited items to
responders for hypothesis testing purposes.
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In the first step, the researcher employed
basic elicitation to investigate the variables'
relationships (considering the limitations of
conducting FGDs and interviews). Re-
searchers consider judgmental sampling
while determining sample size. The
researcher then chose to use 40 known
responders. For example, how frequently do
respondents conduct meetings in one day?
How long is the duration? What do respon-
dents know about the four evaluated
factors: multi meeting, multitasking, tired-
ness, and productivity? What factors affect
and promote the occurrence of these four
variables? "What impact do actions have on
all variables?"

First, the researcher used item analysis,
grouping the respondents' responses into
"item statements.” However, the researcher
must validate the data collected from the
respondents. Therefore, the next step is to
submit the results to specialists for expert
validation. Specialists must next validate
the elements classified by the researcher as
"suitable™ or "incompatible." Expert
validity includes two academics with
knowledge of Human Resources. Experts
say all things are acceptable.

Post-stage 1, the researcher moved on to
stage 2, delivering questionnaires to the
intended sample. In the second step,
respondents will rate the statement items on
a Likert scale. The Likert scale measures
how strongly a person agrees or disagrees
with statements (Sekaran and Bougie,
2016). After we receive responds, then next
we need to calculate, and we use SmartPLS
software processes all data.

4. Result and Discussion

The researcher received more replies than
the goal of 50 in the first step because some
responders passed on the researcher's
message to their peers. The researcher used
SPSS to assess the items' criteria validity.
The validity criteria assist in determining
whether there is a "disturbance™ or if the
suggested model fails to fulfil expectations.
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The findings show that the items used to
measure the suggested variables are
legitimate; the initial step is factor analysis
to assess the study's validity. The overall
value of the standard deviation shows a
smaller value than the mean, which shows
that the mean value acts as a representation
of the entire data (Table 1).

Table 1. Descriptive Analysis Result

Mean Std. Deviation | Analysis M
MR_1 3.2200 1.37455 a0
MM_2 2.8400 1.41940 50
MM_3 3.89000 1.07381 50
MM_4 3.89000 1.21638 50
MM_5 2.8800 1.35445 50
MT_1 3.8000 1.16058 50
MT_2 3.8400 1.14827 50
MT_3 3.8400 B7646 50
MT_4 3.8600 LHEB06 50
MT_5& 3.7400 98582 50
MT_B 37600 1.04118 50
MT_7 4.0000 82582 50
MT_8 3.9000 .BB641 50
MF_1 41000 1.01518 50
MF_2 3.5200 1158776 50
MF_3 3.5600 1.14571 50
MF_4 3.8200 1.00691 50
MF_5& 3.9400 1.08563 50
MF_B 3.7400 1.06541 50
MF_7 42400 91607 50
P_1 43200 5BGA3 50
Bid 41600 68094 50
P._.3 38600 83324 a0
P_4 3.7400 884921 50
P_5 42000 h3452 a0
FP_& 42200 5B169 50
P_7 43200 55107 an

Inter-variables are said to be interrelated if
the determinant is close to the value 0. The
calculation results show that the
Determinant of Correlation Matrix value of
0.000000000000005287 is quite close to
the value 0. Thus, the correlation matrix
between the variables is interrelated.

The KMO and Bartlett Test figures are
0.645 with a significance value of 0.000,
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which means the KMO value is above 0.5 Table 3. Communalities Result
and the significance is far below 0.05, so the _ _

existing variables and samples can be nitia! Exrachon

analyzed further using factor analysis the MM _1 1.000 797

data is declared valid (Table 2). MmM_2 1.000 .B38

MM_3 1.000 a8

Table 2. KMO and Bartlett’s Test Result MIM_4 1.000 BE0

Kaiser-Meyer-Clkin Measure of Sampling Adequacy. G458 M5 1.000 851

Bartlett's Test of Approx. Chi-Square 1287.544 MT_1 1.000 752

Spheniciy df 351 MT_2 1.000 83

Sig. 000 MT_3 1.000 .83z2

MT_4 1.000 770

The communalities table (Table 3) shows MT_5 1.000 BB

that the overall item variable has a value MT_6 1.000 BOT

above 0.5. The greater the value of the MT 7 1.000 798

commonalities of a variable, the closer it is MT & 1.000 711

to the variables formed. MF_1 1 000 783

MF_2 1.000 8149

MF_3 1.000 745

MF_4 1.000 B39

MF_5 1.000 J17

MF_§& 1.000 7490

MF_7 1.000 728

P_1 1.000 B57

P_2 1.000 B36

P_3 1.000 825

P_4 1.000 838

P_5 1.000 698

P_& 1.000 718

P_7 1.000 827

Extraction Method: Principal
Component Analysis.
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The chart (Table 4) shows that only 5
factors are created since only components 1
to 5 have eigenvalues above 1, while the
remaining 22 factors have eigenvalues
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below 1. The similarity of the variables
features indicates that they are grouped into
specific categories.

Table 4. Total Variance Result

Extraction Sums of Squared Loadings

Ratation Sums of Squared Loadings

% ofVariance | Cumulative % Total

% of Variance | Cumulative %

Initial Eigenvalues

Component | Total % ofVariance | Cumulative % Total

1 8.460 31.332 31.332 8.460
2 5008 18.881 50.213 5.098
3 3653 13.530 63.744 3633
4 2188 8103 71.846 2188
5 1141 4225 76.071 114
] an 137 79.444

7 4 2744 82.188

8 724 2680 84.368

9 620 2296 87.164

10 573 2123 89.286

11 504 1.868 91.154

12 396 1.467 92.621

13 373 1.380 §4.001

14 276 1.021 95.021

15 242 895 95.917

18 212 784 96.701

17 A77 655 §7.356

18 136 503 97.859

19 A2 443 98.302

20 114 422 98.724

il 083 345 99.069

22 085 242 98311

23 059 218 98.530

24 054 20 §9.731

25 033 a2 98.853

26 026 088 99.951

27 013 049 100.000

31.332 31.332 5.810 21.519 21.519
18.881 50.213 5138 19.029 40.549
13.530 63.744 4359 16.293 56.842
8.103 71.846 3476 12873 69.715
4.225 76.071 1.716 6.356 76.071

Extraction Method: Principal Component Analysis.

The next step is to identify the dominating
components. Component Matrix table
displays the distribution of items from
produced factors. Complementary matrix
comprising original items and generated
factors the magnitude of the weighting
factor for each item against the 1 factor
matrix produced may be used to identify
which item belongs to which factor.

The output results from Table 5., show the
factor loading on the Component Matrix
table for the five dimensions in the
component column. For dimensions that
have a high loading factor because > 0.5,
then it is declared valid. However,
dimensions with a low loading factor
because <0.5 are declared invalid and need
to be analyzed further.
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Table 5. Component Matrix Result Table 6. Rotated Component Matrix Result
Component Component
1 2 3 4 5 1 3 3 1 3
MM_1 558 A74 -406 539 -.006
M2 s A | — . o NN _1 232 042 013 839 195
MM_3 551 009 | -151 205 | -524 NIN_2 220 - 006 091 873 139
M_4 399 029 | -8 454 293 NN_3 220 -.090 058 422 671
il T T T L Mhi_4 456 | -066 066 712 | -140
MT_1 710 134 - 40 -.258 -010 WM 5 262 085 018 a6 104
MT_2 ja4 184 - 146 =376 136 - eHs ' ’ ’ ’
MT 3 764 oas | oo | i3 | 200 NT_1 806 - 011 -.085 277 136
MT_4 122 161 -163 -435 AT MT_2 884 060 68 132 028
WA | gme | Et | IR w1 MT_3 830 -.090 0852 123 343
| M Il B MT_4 867 031 119 058 019
MT_7 786 159 040 =277 -.069
T L | vl | R i NT_§ 697 -037 N7 367 000
MF_1 -143 789 299 | 085 | -215 MT_6 748 -139 14 323 -.040
MF2 | -262 B26 196 | 145 | -085 NT_7 750 053 299 086 251
WA saoe | dmE| BleR ) ) S MT_8 831 | 067 099 079 023
MF_4 -100 876 214 010 A20
MF_5 - 112 824 -.084 085 103 F_1 g o 18 A 2h
w6 | o051 P i o | .o NF_2 -.059 a7 -045 -228 046
MF_7 -305 773 071 -.008 74 MF_3 -.007 B33 -138 175 038
P A8 | 408 837 5 <28 MF_4 -.004 403 124 -.008 -.091
| BB smm) LB gm ) S MF_5 o5 | s | -7 | a70 | .07
B3 704 005 499 085 =270
Pt 764 o g ois | e NF_B 075 880 - 057 072 0#
P& 543 -.062 51 310 o MF_7 - 115 B12 -074 -.042 -7
P_6 524 | -046 565 108 291 P_1 118 -.081 792 -.051 -077
iy o O N L O P.2 AT6 | -.056 802 | -035 398
Extraction Method: Principal Component Analysis.
: P_3 31 -031 685 073 503
a. & components extractad.
P4 430 047 537 098 505
fad a
Based on the Rotated Component Matrix P‘? e <ER e qm 3
Table 6, we may see the multi meeting P el o 18 72 Ll
variable (MM_1 to MM_5) correlate with P Bl i L

Extraction Method: Principal Component Analysis.

Component 4’ mUItItaSkmg variable (MT—l Rotation Method: Varimax with Kaiser Mormalization.

to MT_8) is closely correlated with
component 1, meeting fatigue variable
(MF_1 to MF_7) is correlated closely with
component 2. In contrast, the productivity
variable (P_1 to P_7) correlate with
component 3.

a. Rotation converged in & iterations.
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Table 7 shows that in component 1 the
correlation value is 0.744 > 0.5; component
2 correlation value 0.982 > 0.5; component
3 correlation value 0.837 > 0.5; component
4 correlation value 0.772 > 0.5; and
component 5 correlation value -0.949 <0.5.
Based on these results, it can be said that
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component 1 to component 4 is worth > 0.5
then the four factors formed can be said to
be appropriate in summarizing the 27
existing variable items, while component 5
because it is worth <0.5 then these factors
cannot explain or summarizes the existing
27 item variables.

Table 7. Component Transformation Matrix Result

Component Transformation Matrix

Component 1 2 3 4 5

1 44 - 137 444 3497 270
2 38 452 -.048 13 033
3 -. 268 29 837 -.450 .0an
4 -.585 -.001 214 q72 A28
] A12 .00a 233 A78 -.944

Extraction Method: Principal Component Analysis.
Fotation Method: Warimax with Kaiser Maormalization.

Based on the results of the factor analysis

respondents. At processing large amounts

above, based on the KMO value results of data and the Structural Equation
stating that our pre-questionnaire data is Modeling model, the researcher uses
declared valid, a follow-up questionnaire SmartPLS for data processing.
with the target sample of this research is 370
MM_1 MN_2 MM_3 Mh_4 MM_5
\0.656 0640 -0082 0705 0.631/
Multi meetink = 7]
-0.168 P2
\ P3
0.388 P4
P5
0.076 Productivity 0.?55\-1
. P 6
"
PT
0.891 eetinJ Fatig
//0.862 0539 g7 0717 0.62?{\
MF_1 MF_2 MF_3 MF_4 MF_5 MF_6 MF_T

Figure 2. Outer Model

56
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After further data processing with a sample
of 370 respondents and after doing some
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exploration by using multi-meeting as
moderator, a new model is more suitable.

MM_1 MM_2

0650 0.634

Multi meetink P
A

MM_3 MM_4 MM_5
-00% 0671 geap

0123 y

0890 0868 (574

MF_1 ‘{/ /

MF_3

0.392

0114

og 07 6% &i MT*MM
MF_4 MF_5 MF_6 MF_7

Figure 3. Outer Model with Moderator Variables

By considering the hypothesis testing to be
carried out and the reference to the statistical
data processing, we try to answer the research
problem by using Multi Dependent Regression
Analysis. We process our data using PLS-SEM
application (multifunctional software to test
formative and reflective models with different
indicator measurement scales (such as ratios,
categories, Likert, and many more) in one
model) considering that there are moderating
variables.

In order to assess our hypothesis, we use
multivariate regression analysis. First, we
create a null model with the intercept as the only
predictor. Predictors are in Models 1 to 4. We
then compare models using Chi2-Difference-
Tests. In order to assess Hypotheses 1 and 2, we
perform multiple regression analyses. R-
package mediation is used to analyze multi-
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tasking. To exclude potential problems with
non-normal data, we used tests of reliability,
validity, normality, and homogeneity to analyze
the data. We calculated a 95% confidence
interval (Cl) based on the simulation picture.
Hypotheses 3-4 asses in other models. We
added the person means as an additional
predictor in the mediation model (Peifer &
Zipp, 2019).

After obtaining a more suitable model, we carry
out Construct Validity, namely validity, which
is concerned with how far the test items can
measure what they want to measure following a
specific concept. Construct validity is related to
abstract phenomena and objects, but the
symptoms are observable and measured
(Kusaeri, 2012). The following are the results of
processing construct reliability and validity.
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Table 8. Construct Reliability and Validity — Phase 1

Cronbach's Alpha CR AVE

MF 0,923 0,902 0,574
MM 0,886 0,669 0,348
MT 0,905 0,921 0,593
P 0,900 0,921 0,625

Before we discuss the results, MF stands for
meeting  fatigue, MM stands for
multimeeting, MT stands for multi tasking
and P stands for productivity, then CR
stands for composite reliability and AVE
stands for Average Variance Extracted.
When we conduct first phase of construct of
reliability and validity, we found that we

have problems within our outer loading,
since results of MM’s composite reliability
is note suitable. We found two items should
be excluded, one is MM3 and other is MF3.
After we exclude those two item, then we
re-calculate our construct reliability and
validity.

Table 9. Construct Reliability and Validity — Phase 11

Cronbach's Alpha CR AVE

MF 0,913 0,923 0,668
MM 0,898 0,909 0,715
MT 0,905 0,921 0,593
P 0,900 0,920 0,623

The construct validity test in this study is
one of the series of PLS-SEM analyzes
carried out. The convergent validity
parameter discussed in this section is the
Average Variance Extracted (AVE) value.
The expected AVE value is more than 0.5,

which indicates that more than half of the
constructs explain the indicators (Hair, et
al., 2017). The table above shows that the
AVE value for multi-meeting and multi-
tasking mediated by multi-meeting is less
than 0.5.

58 Emerging Markets: Business and Management Studies Journal, 2021:9(1), pp.47-64



EXPLORATION OF MULTI MEETING, MULTITASKING
AND MEETING FATIGUE TO PRODUCTIVITY

Mabharani, Marlika, Triyanti and Pandu

Table 10. HTMT Criterion

MF MT P
MF
MM 0,093
MT 0,116
P 0,095 0,346

In addition, we also conduct a Discriminant
Validity test. According to Henseler et al.
(2015), a new criterion for assessing
discriminant  validity in variance s
structural equation modeling. Also, it is by
establishing discriminant validity
assessments  through the heterotrait-
monotrait  ratio  correlation  method
(HTMT). This method uses a multitrait-
multimethod matrix as the basis for
measurement. The HTMT value should be
less than 0.9 to ensure discriminant validity
between the two reflective constructs. From
the table above, it shows that the HTMT
value for all item variables is < 0.9.

We need to see the value of R Square. The
goodness-fit-model test in the PLS-SEM

inner model is reflected in R-Square. The
coefficient of determination (R Square) is a
way to assess how much an exogenous
construct can explain an endogenous
construct. The value of the coefficient of
determination (R Square) expects to be
between 0 and 1. R Square values of 0.75,
0.50, and 0.25 indicate that the model is
robust, moderate, and weak (Hair et al.,
2014).

Our result shows that our model is quite
weak in illustrating phenomena we propose
to raise. But however, though this is a sign
whether our result might have a lower
possibility to align with phenomena, we
decided to continue our analysis further
more.

Table 11. R-Square

R Square

R Square Adjusted

Productivity 0,160

0,154

After the R-Square value reflects how much
the research model can explain the
phenomenon. Furthermore, the researchers
conducted a test of path coefficients or often
called connection strength which represents
the response of the dependent variable to
unit changes in the explanatory variable
when other variables in the model are held

constant (Bollen, 1989). Hypothesis testing
is carried out based on the Inner Model
(structural model) test, including r-square
output, parameter coefficients, and t-
statistics. To see whether a hypothesis can
be accepted or rejected, among others, by
paying attention to the significance value
between constructs, t-statistics, and p-
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values. These values reflect in the
bootstrapping results. The rule of thumb
used in this study is t-statistic > 1.96 with a
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significance level of p-value 0.05 (5%) and
a positive beta coefficient.

Table 12. Bootstraping (N=5000)

T statistics P-Values
MF*MM - Productivity 5,442 0,000
MT*MM -> Productivity 3,047 0,001
Meeting Fatigue - Productivity 1,207 0,114
Multi Meeting = Productivity 1,391 0,082
Multitasking = Productivity 6,938 0,000

The first hypothesis tests whether Meeting
Fatigue negatively affects Productivity. The
test results show the value of the Beta
Meeting Fatigue coefficient on Productivity
is 0.114, and the t-statistic is 1.207. These
results state that the t-statistic is not
significant because <1.96 with a p-Value of
0.114> 0.05; therefore, we reject H1 or
Meeting Fatigue has no adverse effect on
Productivity.

The second hypothesis tests whether
Multitasking positively affects Productiv-
ity. The test results show the value of the
Multitasking beta coefficient on Produc-
tivity is 0.398, and the t-statistic is 6.938.
From these results, the t-statistic is
significant because >1.96 with p-Value
0.000 <0.05 so that H2 is accepted, or
Multitasking has a positive effect on
Productivity.

The third hypothesis Meeting fatigue can
affect Productivity if there are multiple
meetings as moderators; the test results
show the beta coefficient of Moderating

Effect 1 is (-0.250), and the t-statistic is
5.442. From these results, the t-statistic is
significant. Because> 1.96 with p-Value
0.000 < 0.05 so that H3 is accepted, or
meeting fatigue can affect Productivity if
there are multiple meetings as moderators
(weakening the relationship between the
two).

The fourth hypothesis is that Multitasking
affects Productivity when there are multi
meetings as moderators; the test results
show the beta coefficient of Moderating
Effect 2 is (0.206), and the t statistic is
3.047. From these results, the t-statistic is
significant. Because> 1.96 with p-Value
0.001 < 0.05 so that H4 is accepted or
Multitasking affects Productivity when
there are multi meetings as Moderators
(strengthening the relationship between the
two).

After carrying out the various stages above
and processing the data with PLS-SEM, the
Outer Model results as follows:
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Figure 4. Bootstraping (N=5000)

The findings above imply that the Company
needs to evaluate the effectiveness of
holding meetings held simultaneously at the
same time (multi-meeting), which can lead
to multitasking activities or cause fatigue so
that it affects one's productivity.

This study indicates that multi-meeting
shows its role as moderating the relation-
ship between meeting fatigue and produc-
tivity and multitasking on productivity.
These results indicate that multi-meeting
involvement exists, and interestingly, the
assumption that meeting fatigue affects
productivity and multi-meetings on produc-
tivity. We found many challenges in
defining the items within variables.
Therefore, we conduct pre-work through
elicitation. When it comes to fundamental
theory, that is also a big challenge for
researchers. In the end, we decided to
elaborate on some old findings.

In the literature section on the dynamics of
multitasking and productivity, the results of
this study confirm the studies conducted by
Cao et al. (2021) and Monk et al. (2002).
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Thus, 370 people involved in the survey
have views on the effect of multitasking on
productivity. Furthermore, the potential for
multitasking in the study of Cutrell et al.
(2000) and Monk et al. (2002) can increase
productivity confirmed in this study
because the hypothesis is proven.

This study shows that, statistically, meeting
fatigue does not affect productivity. How-
ever, researchers have difficulty finding
several concepts considered to be elaborate-
ed in this study, so the results of studies
showing that meeting fatigue does not
affect productivity consider as an initial
exploration that requires other conceptual
exploration.

The presence of multi-meeting is not
affecting productivity. In the context of
previous research (Cameron et al., 2018),
found that in meeting activities, there is also
a phenomenon where participants carry out
activities that involve communication with
different digital devices at the same time or,
in other words, called multi meeting.
Henning et al. (2010) found that work
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activities that use computers and carry out
for long periods can reduce productivity
and proposed the need for "pause” or "rest
time" to prevent reduced productivity. The
results of this study indicate that multi-
meeting does not affect productivity; in the
context of studies conducted before the
pandemic, this is not the case, but in the
context of a pandemic, this is different.

However, interestingly, when multi
meetings involve as a moderator between
multi meetings and productivity or between
multitasking and productivity, it is proven,
and this encourages the possibility for
further exploration of the role of multi-
meeting in the dynamics between variables,
especially when viewed from most
respondents involved in this study. Then we
suggest that companies or organizations
should consider multi-meet-ing as a sign of
productivity booster. How-ever, within the
situation that this research conducted,
people view multi meeting as a source of
energy to create productivity.

5. Conclusion

If we go back to the purpose of this study is
that us as researcher would like to see the
effect of multi-meeting, multitasking, and
meeting fatigue on productivity. This study
indicates that multi-meeting has a
moderating role, whereas when abolishing
multi-meeting, productivity is not affected
by multi-tasking or meeting fatigue.

From the results of this study, we found that
productivity during this pandemic is influ-
enced by many other things besides multi-
tasking and meeting fatigue. Therefore,
efforts are needed to explore these other
factors that have not to be revealed from this
study.
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